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Background: Kenya Epi Profile

• HIV Infections-22,154

• HIV Prevalence- 3.7%

• Incidence- 0.059%

• Mortality- 18,473

• MTCT Rate- 8.6%

• PLHIV- 1,377,784

Source: HIV Estimates, 2023
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Background:  95-95-95 Progress
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To Achieve and Sustain Epidemic Control
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Data will be Key: % of HTS Data Captured Electronically and 

transmitted to the National Data Warehouse (NDW)

• 32% (197,138/609,031) of  tests done 

country wide are available in NDW

• 53% (3,658/6,924) of tested positive 

countrywide are available in NDW
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Building on eHTS Platform: Machine Learning Solutions
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Machine Learning  for HTS

• A HIV testing decision alert system that relies on a 
machine learning algorithm to classify risk of testing 
HIV positive.

• The algorithm uses both Sociodemographic and 
Behavioral variables.

What is it?

• HTS providers generate the probability of positive 
results and are notified of HIV testing 
recommendation based on client’s risk.

• Providers can refer clients for HIV prevention for high-
risk clients that turn HIV negative.

How does it work?



CQUIN dHTS Meeting | July 9-12, 2024 

Use Case 1: Use of ML to Track Linkage to Prevention Services by Risk Profile 
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Use Case 2: Use of ML for Geographic Clustering of Risk Profiles
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Use Case 3: Use of ML for Geographic and Demographic Clustering 

of Risk Profile 
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Summary

• Useful tools to tailor services and interventions

• Investment in data systems is key:

• Data collection

• Data transmission

• Data storage

• Data Privacy

• Multidisciplinary team engagement

• Program- Strategic direction, end user feedback on the look and feel of 

systems

• HIS-System architecture, model development, testing, deployment and 

monitoring
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Thank You!
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